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A prediction model of massive 5G network users’ revisit
behavior based on telecom big data
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Abstract: Users in 5G networks will generate a large amount of access data, which makes it difficult to accurately
predict users’ revisit behavior. Therefore, a prediction model of massive 5G network users’ revisit behavior based on
telecom big data was proposed. The user’s historical online behavior characteristic data was extracted from the tele-
com big data to build a data set. Multi order weighted Markov chain model was introduced. The model weight value
was obtained by calculating the autocorrelation coefficient of each order, and the statistics of the model were calcu-
lated. After analysis, the one-step transition probability matrix of Markov chain with each step size was obtained, so
as to accurately predict the revisit behavior of massive users in 5G network. The experimental results show that the
proposed model has the lowest mean error and standard deviation, as well as the highest accuracy, recall, precision
and F1 indicators, which can prove that the proposed method has a very obvious advantage in predicting users’ revisit
behavior.
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